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library(gtl) #5475 —&EH
library (snow) # < ILFZ2 XY ANy 5—IfLE)

testmap <- read. cross(“csvr”, file="ril.csv”, estimate.map=FALSE) #T—4&&HiA
testmap <- convert2riself (testmap) # RI self &L TT—4% Z0HET 3

This is an object of class “cross”.

It is too complex to print, so we provide just this summary.
RI strains via selfing

No. individuals: 95

No. phenotypes: 12

Percent phenotyped: 93.6 91.5 92.6 93.6 91.5 91.5 93.6 91.5 92.6 91.5
90.4 894

No. chromosomes: 12
Autosomes: 1234567891011 12

Total markers: 782

No. markers: 56 7559 71 59 60 59 74 70 60 74 65
Percent genotyped: 98.1

Genotypes (%): AA:47.4 BB:52.6

#multipleQTILY v E T #T53=0HICI%. BEFET—FOREBEFHOINEEZTIHENH Y.
#augmentationfLEEA\, imputationfE%1TS5, SEHAWVSHIT—R2IERET—FNEZL\D T,
#imputationfLIB %47 o 71-,

test imp < fill.geno(testmap) #XRET—ANDIIE%4TS (imputation)
geno.image(test_imp) #7574 DIVIT) R4 TR TR
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#multiple-QTLIYE VT DHEIET IV ZEHE
magm_imp <— mgmscanall(test_imp, n.cluster = 4) #2122 EERITT D
mamplot.multitrait(mgm_imp, type = “image”) #heatmaplCl LB R T
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#(ZEM T3 L)% 1B JH % (backward elimination)lC&dMAQMET )L

#— ECEHEROEEFRIFEREZEEICONLQTLENT 1Tz cofactor (REF) V—H—%KTE
#cofactor(d RIFE-15F THE CED,
#magmautocofactorsEAIEALSEY—NT—ZFEEZZELTCEHEE L TIN5,

cofactorlist <— mgmautocofactors(test_imp, num=70)#cofactor% 70(Z,

mqgmplot.cofactors(test_imp, cofactorlist, justdots = TRUE) #cofactor Dfi EZ T+~
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mgm_imp <— mgmscanall(test_imp, cofactors = cofactorlist, n.cluster = 4)
mamplot.multitraitimgm_imp, type = “image”) #heatmapZR7~
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magmplot.multitrait(tmgm_imp, type = “lines®) #LODJOJ7M IV &R

Multiple profiles
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mgmplot.clusteredheatmap(test imp, mgm_imp) #&5 T E DAL 0 7 v A Va2 T T AZ Y T

Clustered heatmap
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#H[X T O @I% QTL, #&fm 1 EM O AEMEM TR T

mqmplot.circle(test_imp, mqm_imp)
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#IPE 10(BEHESPE CARBFEES L7z v = — b Mg JREE)D QTL & JHERFH AVEH
mqgmplot.circle(test_imp, mgm_imp, highlight = 10)

Circleplot of: ConMg

Cho1_018

' ; —+— Selected cofactor(s)
Trait —e— Epistasis (+)
+ QTL Epistasis (-)

Ar‘lﬂ
(Chrg

Chr 3
wa /
Chr 4
N -
Chr 6 v LOD 6
Distances in cM s TR ChO5_013 LOD g
OgM  T19cM 1437 cM LOD 12




